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Main aspects
• Create trajectory

• Indoor: AD-R1M and Pioneer P3-AT

• Outdoor: Husarion Panther

• Simulation (Isaac Sim): Clearpath Jackal

• Visual Navigation Transformers (ViNT) [3]

• Navigation with Goal Masked Diffusion (No-
MaD) [4]

• General Navigation Model (GNM) [2]

Robot platforms
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Displacement error (Indoor & Outdoor)
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Numerical results for indoor
Minimum δ1 δ2 δend αyaw

GNM 0.0 0.0 5.3 0.7
NoMaD 0.0 2.0 29.0 3.5
ViNT 0.0 0.0 19.5 2.1

Average δ1 δ2 δend αyaw

GNM 26.9 6.5 39.1 7.6
NoMaD 23.2 16.6 64.7 20.9
ViNT 17.7 6.0 40.3 11.2

Maximum δ1 δ2 δend αyaw

GNM 64.0 12.0 88.6 15.7
NoMaD 55.0 36.1 82.9 38.4
ViNT 36.0 15.0 55.8 21.4

Minimum δ1 δ2 δend αyaw

GNM 5 0 15.3 1
NoMaD 8 0 30.4 6
ViNT 0 9 6.6 1

Average δ1 δ2 δend αyaw

GNM 43.2 21.6 59.7 10.6
NoMaD 37.6 32.4 79.4 19
ViNT 54.9 43 68.5 18.4

Maximum δ1 δ2 δend αyaw

GNM 84 51 125.3 31
NoMaD 70 100 144.6 36
ViNT 104 98 138.7 45

Memory [GB] Inference [sec] Power [W]
GNM 0.63 0.28 11.4

NoMaD 1.29 1.16 12.7
ViNT 0.95 0.65 12.1

Simulation path overlap
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