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The whole architecture: Improvement against sparse data (LiDAR)
Separate denoising module

Main motivation
Point Cloud Features - Normals

To achieve multiscale normal estimation,
a Feature Pyramid Network (FPN) [4]
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Average quality and runtime comparison between the different methods:

Own | Nesti-Net [1] | PCPNet ss [3] | PCPNetms [3] | PCL [5] | Hough [2]
Avg. hist. [%] 0.922 0.913 0.911 0.923 0.914 0.829
Avg. runtime [s] | 0.015 1200 234 596 7.09 2.7
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